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a. The problem your paper seeks to address 
We need to visualize data so as to be able to see and make any sense of it (Andrienko & Andrienko, 2004). One of the major matters presently facing coastal areas is erosion. Some of these process consequences are higher flood risk and beach loss that will be probably aggravated given the continuous rise of sea-level. With this in mind, the individuals responsible for management and conservation decision require relevant instruments with which to determine vital coastal areas and to evaluate, deduce, and visualize them with the relevant environmental and geo-morphological backgrounds. In order to be able to see and make any sense of data, we need to visualize it. Visualization is important in the analysis of data as it offers a front attack line that reveals intricate structures in data which cannot be soaked up in any other manner (Montello, Fabrikant, & Davies, 2018). The objective of this research was to offer a methodology for enhancing the analyses and interpretations of rates of coastal erosion, as well as to provide access and distribution of data of erosion. 
b. What method you used to address the problem 
The methodology was founded on three distinctive stages: (1) Production stage where the orthophotos (sources of data) and the periods of analysis were selected, the model of data developed and executed, and digitization and photo-interpretation of shorelines undertaken; (2) analyses stage where the rates of erosions for the selected periods related to them were computed; and; (3) operation stage where all information generated from analyses stage was connected to transects vertical to the shorelines (Andrienko & Andrienko, 2004). The data of erosion rate was put in PostGIS/Postgre SQL system of database management developed for exploitation of erosion data. The model of data was founded on two geometric units.  Using proprietary ArcGIS 10.3 software, digitization was conducted in a database environment. The rates of erosion were computed by using the DSAS tool and proprietary ArcGIS 10.3. 
c. And what results in your efforts achieved
Erosion rates ascertainment for the coast and the linked geomorphological and thematic information were main results obtained for this work (Montello, Fabrikant, & Davies, 2018). The model of erosion data developed to match the specific need offers a meaningful instrument for enhancing the analysis and interpretation of erosion rates. 
Interpreting the results of the average nearest neighbor test
Introduction 
With objective data, one is looking at quoting a calculated probability (Andrienko & Andrienko, 2004). Subjective information is not really data. If it is subjective, it is uncertain and possibly unreasonable. The tools of average nearest neighbor measure the distances between each feature centroid and its centroid location of nearest neighbors.  Then, the tools average all the distances of the nearest neighbor.  The distributions of the feature being evaluated are viewed clustered in case the average distances are less than the theoretical random distribution average. The features are viewed dispersed if the typical distances are superior to the average of theoretical random distributions.  The indices are expressed as the viewed distance ratio divided by the anticipated distances (anticipated distances are founded on theoretical random distributions with the similar numbers of characteristics covering the similar total areas). To reflect the kNN algorithm, average accuracy is the most applied statistics (Montello, Fabrikant, & Davies, 2018). Aspects like the choice of relevant predictors, k-value, p-value, and calculation of distance all have an important effect on the performance of the model.
P-value 
P-Value is arithmetical estimates of the areas under the curves for known distributions, restricted by the test statistics (Andrienko & Andrienko, 2004). The most popular way of defining random events is a normal distribution. The processes fit normal distribution because the two graphs are bell-shape single peaks (their means). They are symmetrical that implies that the occurrence probabilities of the two values equidistant from the means, but on their different sides are the same. Most of the values are between -1 and +1 that from the mean, it one standard deviation (Montello, Fabrikant, & Davies, 2018).  Almost all of the processes there are virtually no observations beyond the three standard deviations from the mean and there are no farther than two standard deviations from the mean. 
A p-value assists an individual to determine the importance of the results when performing a hypothesis test in statistics (Andrienko & Andrienko, 2004). A hypothesis test is applied in testing the claim validity which made about populations. In essence, this claim that is on trial is known as the null hypothesis. If the null hypotheses are concluded to be not true, the alternative hypotheses are the ones an individual would believe. The evidence in the trials is your statistics and data which go along with them. Ultimately, all tests of hypothesis use p-values in weighing the evidence strength (what data is revealing about the populations). The p-values are numbers between zero and one (Montello, Fabrikant, & Davies, 2018). They are interpreted in the following manner:
· Typically ≤ 0.05, small p-values indicate strong evidence against the null hypotheses. Therefore, one should reject the null hypotheses. 
· Typically > 0.05, large p-values indicate weak evidence against the null hypotheses. Therefore, one should fail to reject the null hypotheses. 
· P-value very close to the cut-off of 0.05 are viewed to be insignificant (may go either way). One should always account the p-values to enable their reader to draw their personal deductions.
Interpretation
The trend indicates clustering in case the Average Nearest Neighbour ratios (index) are less than one (Andrienko & Andrienko, 2004). The trends are toward dispersal if the Average Nearest Neighbor ratio is greater than one. The equations applied in calculating the p-values, Z scores, and Average Nearest Neighbor ratio are founded on the assumptions that the points under measurements are free to locate anywhere in the area of study (for instance, all features or cases are independently suited of one another and there are no barriers). Additionally, p-values, Average Nearest Neighbor ratio, and Z score are for these statistics are sensitive to the changes in the Area parameter or changes to the area of the study (Montello, Fabrikant, & Davies, 2018). For this reason, the most appropriate when the study area is fixed is comparing results from these statistics, for instance, comparing one retail type for a fixed area of study or comparing average nearest neighbor distances for various retail stores types. 
Output
The tools of Average Nearest Neighbor ratio return five values: p-values, z-scores, Average Nearest Neighbor index, Expected Mean Distance, and Observed Mean Distance (Andrienko & Andrienko, 2004). During the execution of the tool, the values are detailed as information the Geo-processing pane bottom and passed as values of derived outputs for possible application in scripts or models. By expanding the messages section, hanging the progress bar, or clicking on the pop-out button in the Geoprocessing pane, one may access the data and information. Via the History of Geo-processing, one may also access the information for a previously run tool. With a graphical results summary, this tool will optionally establish an HTML report file (Montello, Fabrikant, & Davies, 2018). The report path shall be included with the information summarizing the parameters of the implementation of the tool.
Potential Applications of the Average Nearest Neighbour ratio (index)
· Evaluation of territory or competitions: the Average Nearest Neighbour ratio (index) is used in quantifying and comparing trends and patterns in the distribution of various species of animals or plants. 
· Comparison of observed distributions to control distributions. In an analysis of timber, for example, one may want to compare the harvested areas patterns to the pattern of the harvestable areas in determining if the cut fields are more clustered than an individual would anticipate provided the overall harvestable timber distribution.
· The statistics are most relevant when the areas of the study are fixed. 
Conclusion
Assessments contribute significant information to the comprehension of the capabilities and characteristics of an individual, through gathering, incorporation, and interpretation of information about individuals. With relevant sources established by the particular evaluation purposes, such information is collected through various approaches and measures. Agreements across discrepant information as well as multiple sources and measures, enable the development of a more comprehensive comprehension of the client being examined. Ultimately, this results in more appropriate and accurate case conclusions, for example, hearing and judgment of the case. Assessment instruments may be selected based on the observations and information. Historical records recognized and corroborative informants identified may help the judge to reach a judgment.
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