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Abstract Although narrative reviews have suggested that “youth psychopathy” is a strong
predictor of future crime and violence, to date no quantitative summaries of this literature have
been conducted. We meta-analyzed recidivism data for the Psychopathy Checklist measures
across 21 non-overlapping samples of male and female juvenile offenders. After removing
outliers, psychopathy was significantly associated with general and violent recidivism (rw’s of
.24 and .25, respectively), but negligibly related to sexual recidivism in the few studies examining
this low base rate outcome. Even after eliminating outliers, however, considerable heterogeneity
was noted among the effects, with some of this variability being explained by the gender and
ethnic composition of the samples. Effect sizes for the small number of female samples available
for analysis were mostly small and nonsignificant, and psychopathy was a weaker predictor of
violent recidivism among more ethnically heterogeneous samples. In relation to predicting both
general and violent recidivism, psychopathy performed comparably to an instrument designed
specifically to assess risk, the Youth Level of Service/Case Management Inventory (Hoge &
Andrews, 2002).

Keywords Psychopathy . Juveniles . Recidivism . Gender . Ethnicity

Psychopathic personality disorder (psychopathy) represents a cluster of distinct affective, inter-
personal, and behavioral characteristics (Cleckley, 1976; Hare, 2003) that demarcate a clinical
construct of theoretical and practical significance. Of particular interest to both clinicians and
policy makers is the demonstrated association between psychopathic traits and various forms of
socially undesirable outcomes, such as community violence and criminal recidivism, which has
been evident in several large-scale studies and meta-analytic reviews (e.g., Gendreau, Goggin,
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& Smith, 2002; Hemphill, Hare, & Wong, 1998; Salekin, Rogers, & Sewell, 1996). Moreover,
this association is not limited to criminal populations, as research on civil psychiatric samples
also suggests a link between psychopathic traits and violence (e.g., Skeem & Mulvey, 2001).

Considerable research efforts have been devoted to quantifying psychopathic traits (or at
least their developmental precursors) in younger and younger samples. For example, two re-
cent issues of the journal Behavioral Sciences and the Law have been devoted to the topic
of “juvenile psychopathy” (Petrila & Skeem, 2003; Skeem & Petrila, 2004), with many of
the articles focused on the relationship between psychopathy and various forms of socially
deviant conduct (e.g., Corrado, Vincent, Hart, & Cohen, 2004; Spain, Douglas, Poythress, &
Epstein, 2004). More broadly, youth violence is a topic of increasing public concern, perhaps
inspired by tragic events such as the school shootings in Columbine, Colorado, as well as media
accounts suggesting that youthful offenders of today are becoming increasingly predatory, vi-
olent, and untreatable (despite evidence suggesting that youth crime actually is on the decline;
Baum, 2005).

Because of the potential explanatory power of psychopathy as a cause of violent conduct,
it seems natural that researchers and clinicians would increasingly attend to psychopathy as a
potential marker for identifying children and adolescents most likely to engage in serious violence
(e.g., O’Shaughnessy, 2004). From a preventative intervention perspective, identification of
“fledgling psychopaths” ostensibly might provide an important means of singling out those who
may be most in need of intervention (Lynam, 2002). From a treatment matching perspective, it is
conceivable that unique aspects of psychopathy or its developmental precursors require different
methods of intervention than those used with more common “adolescent-onset” offenders.
Regardless of the potential for psychopathy to inform clinical decision-making, the development
and mass marketing of various measures to assess psychopathic traits among children and
adolescents (e.g., Psychopathy Checklist: Youth Version [PCL:YV], Forth, Kosson, & Hare,
2003; Antisocial Process Screening Device [APSD], Frick & Hare, 2001; P-Scan, Hare &
Hervé, 1999) portends an increased use in applied settings. Although systematic surveys have
yet to be conducted, considerable anecdotal evidence suggests that the PCL:YV in particular is
being used to inform clinical and legal decision-making for youths involved in the juvenile and
criminal justice systems in the United States and Canada (Edens & Petrila, 2006; Forth, 2004;
Skeem, Cauffman, & Nold, 2002; Zinger & Forth, 1998).

The putative role of psychopathy as a risk factor for violence is reflected in its inclusion in
several risk assessment instruments and procedures, such as the HCR-20 (Webster, Douglas,
Eaves, & Hart, 1997) and the Violence Risk Appraisal Guide (Quinsey, Harris, Rice, & Cormier,
1998). Risk measures developed specifically for youth populations, such as the first version of the
Structured Assessment of Violence Risk in Youth (SAVRY; Borum, Bartel, & Forth, 2002), have
incorporated this instrument as well. Such measures reflect the increasing use of psychopathy
“outside the lab” to inform both clinical and legal decision-making across an array of contexts
(Edens & Petrila, 2006; Ogloff & Lyon, 1998).

The rapidly expanding clinical and legal application of psychopathy has not progressed
without numerous reservations being voiced. Many of these concerns revolve around the potential
misuses of psychopathy scales, such as by poorly trained or uninformed examiners (DeMatteo
& Edens, 2005; Edens, 2001, 2006; Edens & Petrila, 2006; Hare, 1998). While arguing in
support of the construct validity of psychopathy measures, Zinger and Forth (1998) identified
several additional qualms related to potential human rights abuses of these instruments when
used to inform legal decision-making (see also Forth, 2004). Other criticisms have focused
on the questionable applicability of an ostensibly stable, adult personality construct to youths
(Edens, Skeem, Cruise, & Cauffman, 2001; Hart, Watt, & Vincent, 2002; Seagrave & Grisso,
2002). Still others have raised concerns about the stigmatizing nature of the traits attributed
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to psychopathy (e.g., pathological lying, superficial charm, remorselessness), particularly when
used in the context of legal decision-making where evidence is presented to nonmental health
professionals (Edens, 2006; Edens, Guy, & Fernandez, 2003; cf. Murrie, Cornell, & McCoy,
2005).

Aside from the above-noted concerns, two other topics increasingly seem to be the focus of
attention of researchers in this area. First, whether and/or how the construct of psychopathy can
be applied to women is a growing area of research interest, with a plethora of recent reviews
and empirical studies addressing this topic (see, e.g., Cale & Lilienfeld, 2002; Nicholls &
Petrila, 2005). In particular, the predictive validity of psychopathy with female adolescents has
come under question, with effect sizes being reported that are statistically nonsignificant and
considerably below what have typically been reported in the adult male literature (e.g., Campbell,
2003; Odgers, Repucci, & Moretti, 2005; Vincent, Odgers, Watkins, & Corrado, 2005).

A second area of considerable debate relates to the magnitude of the association between
psychopathy and recidivism and the relative contribution of this construct in comparison to other
risk factors. Some large-scale reviews (Gendreau et al., 2002; Walters, 2003b) have concluded
that the PCL instruments are not the “unparalleled” measures of risk that was claimed in earlier
meta-analyses (Salekin et al., 1996) and that their predictive validity is only comparable to or
perhaps even less than other instruments that are not wedded to the potentially stigmatizing term
“psychopath” (cf. Hemphill & Hare, 2004). Perhaps reflecting this line of thought, the recently
developed MacArthur actuarial risk instrument (Banks et al., 2004) developed to predict violence
among released psychiatric patients does not include psychopathy as a risk factor, despite its
comparatively robust association with community violence at the bivariate level (Skeem &
Mulvey, 2001).

Methodologically, prior reviews of the psychopathy/recidivism literature have suffered limi-
tations in terms of informing our understanding of this relationship specifically among youths.
First, many quantitative reviews (e.g., Gendreau et al., 2002; Hemphill et al., 1998; Walters,
2003a, b) either have not included studies of youths or have not differentiated between stud-
ies of adults versus studies of adolescents. Second, recent summaries focusing specifically on
adolescents have been narrative reviews (e.g., Edens et al., 2001; Forth et al., 2003; Forth &
Mailloux, 2000)), which can be criticized for lacking statistical and methodological rigor and
being susceptible to various forms of bias (for reviews, see Lipsey & Wilson, 2001; Rosenthal
& DiMatteo, 2001). One especially troublesome problem for the narrative literature review is
reliance upon significance testing. As Hunter and Schmidt (1996) aptly demonstrated, with a
true population effect size of .30, the narrative literature reviewer who examines 50 studies with
equal sample sizes and statistical power of .50 would observe 25 effects with nonsignificant
p-values and another 25 effects with significant p-values. Despite the true population effect of
.30, the reviewer would likely reach the erroneous conclusion that the literature was “unclear,”
“mixed,” or indicative of no relationship. On the other hand, applying meta-analytic methods
to the same database, the extreme effects on either side of the population effect size would
cancel each other, the result being a mean effect size of .30 and a more accurate reflection of
the true effect size. Partly because of its ability to reconcile disparate findings, meta-analysis is
quickly becoming the state of the art method for establishing consensus regarding social sci-
ence findings (Hunter, 1999). Consequently, professionals within forensic settings are increas-
ingly calling for the use of meta-analysis to establish generally accepted scientific knowledge
(Blumenthal, 2002).

The purpose of the present study is to provide a quantitative overview of the psychopa-
thy and criminal recidivism literature for male and female adolescent offenders using meta-
analytic methodology to eliminate or minimize many limitations inherent in qualitative lit-
erature reviews. Consistent with outcome measures used in the adult recidivism literature
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(e.g., Gendreau et al., 2002; Hemphill et al., 1998; Walters, 2003b), almost all of the ju-
venile studies of psychopathy have collapsed into one outcome essentially any form of
recidivism (i.e., both nonviolent and violent crimes). As such, we examined a “general” out-
come category in the present study that reflected this broadband inclusion of all forms of
re-offending. Perhaps reflecting a heightened interest in more “severe” forms of crime, how-
ever, recidivism that specifically involved a violent act (e.g., assault, armed robbery, attempted
murder) also was coded in most original studies as a separate and narrower outcome cat-
egory, allowing us to address the relationship between psychopathy and this criterion. Ad-
ditionally, in a smaller number of studies researchers also parsed out sexual re-offending
as a distinct class of offenses. As such, the present meta-analysis will separately examine
each of these outcomes (for a similar categorization of recidivism used in the adult literature,
see Hemphill et al., 1998).

Aside from quantifying the predictive validity of psychopathy across the outcome measures
mentioned above, another significant advantage of a meta-analytic approach over a narrative
review is it allows for an examination of potential moderator variables that may help to explain
heterogeneity noted among effect sizes. Prior meta-analyses of psychopathy research (e.g., Guy,
Edens, Anthony, & Douglas, 2005; Hemphill et al., 1998; Walters, 2003b) have noted consider-
able variability among effect sizes, a finding that compels moderator analysis of study variables
that might account for this heterogeneity. Aside from general concerns regarding the method-
ological rigor of studies included in meta-analyses (see, generally, Lipsey & Wilson, 2001,
pp. 20–23), prior research suggests three more specific study characteristics that may impinge
on the aggregate predictive validity of psychopathy, both among youths and adults. First, in
the juvenile institutional adjustment literature (Edens & Compbell, 2005), some evidence of
publication bias has been noted, with unpublished studies producing significantly smaller ef-
fects. Second, as noted earlier, potential gender differences in predictive validity (e.g., Odgers
et al., 2005) raise questions as to whether psychopathy may be less useful as an indicator of
recidivism risk among female adolescents. Third, the degree of ethnic diversity among samples
and the country of origin of the sample have been suggested as potential moderators in the adult
institutional adjustment literature (Edens, Petrila, & Buffington-Vollum, 2001; Guy et al., 2005;
see also Hicks, Rogers, & Cashel, 2000). As such, we will examine the impact of these potential
moderators for outcomes with significant effect size heterogeneity.

Although there are now several published scales ostensibly measuring psychopathic traits,
we should clarify at the outset that we chose to focus exclusively on the Psychopathy Checklist
measures because (a) they have been by far the most heavily researched in relation to criminal
outcomes (Edens et al., 2001), with very few recidivism studies having been published examining
other juvenile psychopathy measures, (b) other extant scales do not correlate particularly highly
with the PCL measures (Forth et al., 2003), which raises serious questions as to whether the same
underlying construct is being operationalized, and (c) pragmatically, at present the youth version
of the PCL is the most likely to be used by clinicians in applied settings (Seagrave & Grisso,
2002). Although various debates continue regarding the PCL measures (e.g., whether their
underlying structure is best represented by three- or four-factor models; Cooke, Michie, Hart,
& Clark, 2005; Hare, 2003), they clearly seem to be the predominant measures of psychopathy
used in clinical and forensic settings, with total scores being weighted most heavily in decision-
making (Edens & Petrila, 2006; see also Marczyk, Heilbrun, Lander, & DeMatteo, 2005).

Finally, although our primary focus was on quantifying the predictive validity of psychopathy
at the bivariate level, we also were interested in the performance of PCL measures in relation
to other instruments used in risk assessments conducted on adolescents, given controversies
about the relative contribution of psychopathy versus other risk measures in the adult literature
(Gendreau et al., 2002; Hemphill & Hare, 2004). Although direct comparisons to other risk
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instruments have been relatively sporadic, we were able to identify five studies with reasonably
large sample sizes that compared the predictive utility of psychopathy to a widely used risk
assessment instrument, the Youth Level of Service/Case Management Inventory (YLS/CMI;
Hoge & Andrews, 2002). As such, we also report analyses of the performance of PCL-defined
psychopathy relative to this measure.

Method

Sample identification

The search for effect sizes began with a review of abstracts from published peer reviewed
academic journals and dissertations/theses circulating prior to July 1, 2005. Relevant books, book
chapters, unpublished dissertations and theses also were reviewed. A web listing of psychopathy
references developed by Stephen Hart, Adelle Forth, and Robert Hare (Key References Related
to the Study of Psychopathy: http://www.hare.org/references/) also was examined for relevant
publications. Computerized databases (PsychInfo, UMI Proquest Digital Dissertations) were
searched to identify studies that employed a version of the PCL in a youthful sample, using
the following keywords: “Psychopathy Checklist,” “Psychopathy Checklist Revised,” “18-item
Psychopathy Checklist,” “18-item Psychopathy Checklist Revised,” “Psychopathy Checklist:
Youth Version,” (Forth, Hart, & Hare, 1990), “PCL,” “PCL-R,” “18-item PCL,” “18-item PCL-
R” and “PCL:YV.”

To be included in this meta-analysis, studies had to (1) use either the PCL:YV or the adult PCL
measure with the ‘youth modifications” recommended by Forth et al. (1990) with a primarily
adolescent sample (i.e., mean age of less than 19 years); (2) employ a predictive research
design in which the PCL measures were scored independent of the recidivism information (i.e.,
we did not include retrospective studies where PCL scores were used to “postdict” criminal
history variables); and (3) present sufficient statistical information to code an effect size. In
some instances, we were able to augment published accounts that lacked sufficient information
to compute an effect size by obtaining the original dissertations or theses that provided greater
detail than the journal article or submission (e.g., Brandt, 1993; McKinnon, 2004).

Procedure

The Hare scales (modified PCL, PCL-R, or PCL:YV) were coded for the total and (where
available) two factor scores historically associated with the PCL measures (Hare, 1991). Several
studies unfortunately did not report analyses related to the two factors. We were able to obtain
this information from the study authors in most but not all instances (correspondence on file
with the first author). Although the PCL:YV manual (Forth, Kosson, & Hare, 2003) reports
analyses related to three and four-factor models, at the time of our literature review little pub-
lished research was identified that examined the predictive validity of the three- and four-factor
models.

The criterion measures were coded for the three forms of recidivism noted above—general,
violent, and sexual, along with the base rate for each category. General recidivism referred
to an outcome either described in the primary study as “general” or undifferentiated from
violent or sexual recidivism. Effects coded as “violent” or “sexual” were expressly described as
such in the primary study. Additional study characteristics were coded to provide a descriptive
overview of the sample of studies as well as to investigate effect size heterogeneity. These
characteristics included PCL descriptive statistics (means, standard deviations), scoring method
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(i.e., file review only versus file review plus interview), basic demographic information (e.g.,
ethnic and gender composition), type of institution from which the data were collected (e.g.,
juvenile prison), country in which the data were collected, length of follow-up, and the source
of the study (e.g., peer-reviewed journal, unpublished dissertation). Each study was coded by
two raters, resulting in an overall rate of agreement of 94%. Discrepancies were resolved by
consensus.

Effect size coding

A correlation coefficient was coded for all effects because r is widely understood, the statis-
tical procedures for its aggregation are well established (Hedges & Olkin, 1985; Rosenthal,
1991), and the majority of original studies reported point biserial correlations. When corre-
lations had to be calculated from other statistics (e.g., AUC values) formulas provided by
Lipsey and Wilson (2001) were used. The correlations were transformed to Fisher’s z scores
(zr) via SPSS syntax. The effects were aggregated using the SPSS macro “MeanES” (avail-
able online at http://mason.gmu.edu/ ∼ dwilsonb/ma.html and in Lipsey and Wilson (2001).
The macro computes basic central tendency statistics according to the procedures outlined
by Hedges and Olkin (1985). Each zr is weighted1 by its inverse variance to create a sum-
mary statistic, z + . The macro also computes the mean weighted effect size and calcu-
lates 95% confidence intervals for both random and fixed effects models. Because of con-
cerns about fixed effects models (Field, 2003), we report only the random effects results
below.

Heterogeneity was examined using the Q statistic (Hedges & Olkin, 1985), which is distributed
as a chi-square with k − 1 degrees of freedom (where k equals the number of studies). Given that
Q is dependent on the number of studies included in a meta-analysis and can be severely distorted
with small k values, we also report the I2 statistic (Higgins & Thompson, 2002). I2 is independent
of k and estimates the percentage of total variation among studies due to heterogeneity rather
than sampling error.

Moderator analyses

Moderator analyses were performed using SPSS macros developed by Lipsey and Wilson (2001).
Analyses of categorical moderator variables (e.g., publication status, gender) were conducted
using a meta-analytic analog to an analysis of variance performed by the “MetaF” macro
(Lipsey & Wilson, 2001). MetaF divides the total variability among the effects into the portion
that can be explained by the categorical predictor variable and the residual portion (QB and QW,
respectively). A significant QB indicates that the difference between the means of the categories
is greater than what would be expected simply by sampling error (Lipsey & Wilson, 2001, pp.
135–136). For continuous moderator variables, we used the SPSS macro “MetaReg” (Lipsey &
Wilson, 2001; pp. 138–140) to conduct a modified weighted least squares regression. MetaReg
creates homogeneity statistics for the regression model (QR) and for the sum-of-squares residual
(QE).

1 The need to weight effect sizes is widely accepted in the meta-analytic literature, with the inverse variance weight
being considered a superior method than simply weighting by sample size (see, e.g., Lipsey & Wilson, 2001, pp.
36–37; see also Hedges & Olkin, 1985). In the case of correlations, the formula to compute the inverse variance
reduces to n − 3 (Lipsey & Wilson, 2001, p. 64). We should note, however, that the mean effect sizes reported
later in this article were highly consistent regardless of whether they were weighted or unweighted.
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Results

Study characteristics

As of July 1, 2005, our iterative search process led to the identification and coding of 21 published
and unpublished studies (see Table 1) with independent samples that met the selection criteria
described above. These studies represented a total nonredundant sample size of 2,867 cases
(M = 137, SD = 83, range = 60–408) available for follow-up. Studies were completed between
1990 and 2005, with the median year being 2002. Ten studies were published or in press in
peer-reviewed journals. Of particular note, 11 of the 21 studies were not included in the review
of recidivism research in the PCL:YV manual (Forth, Kosson, & Hare, 2003); see Chapter
7), reflecting the large amount of recent work in this area. The studies were split relatively
evenly between United States (k = 9) and Canadian samples (k = 11), with one additional study
from Sweden. The average of the mean ages reported was 16 years (SD = 1.10; range = 14.60–
18.40). Ethnic distributions varied considerably, with the percentage of participants identified
as Caucasian ranging from 12–83% (two missing data). Not surprisingly, given the historical
focus on psychopathy in male offenders, 15 of the samples were 100% male, whereas five were
of mixed gender and only one was composed entirely of female offenders. Fortunately, we were
able to obtain information to compute effect sizes separately for boys and girls for all of the
studies with a mixed gender composition.

Sample descriptive statistics on the psychopathy measures also are reported in Table 1.
The weighted average of the mean sample scores was 20.50, although it varied substantially
across studies (range = 9–28). In the majority of studies (16) the PCL measures were scored
based on file review only. Interrater reliability statistics were reported in all but two studies
(Langstrom & Grann, 2002; Rowe, 2002) and were uniformly high (range = .83 to .99). In terms
of criterion measures, we were able to code effects for general recidivism in all studies,2 violent
recidivism in 15 studies, and sexual recidivism in four studies. For the factor scores, we were
able to obtain and code effects for general, violent, and sexual recidivism for 16, 13, and 3
studies, respectively. For the total sample of studies, the average length of follow-up was 31.75
months (range = 3–120 months), although two studies were missing this information (Jack, 2000;
Marczyk, Heilbrun, Lander, & DeMatteo, 2003). For those studies reporting outcomes for violent
recidivism, the average follow-up period was somewhat longer (M = 40.69 months, range = 12–
120 months; data missing for one study). For the four studies examining sexual recidivism,
the average number of months follow-up was even longer (M = 65.62 months, range = 34–120
months).

Because all but two studies (Jack, 2000; Ridenour, Marchant, & Dean, 2001) treated recidi-
vism as a dichotomous outcome, the base rate of the criterion measures (here the percentage of
the sample that recidivated) is a source of concern because of the potential impact this might have
on the magnitude of the effect sizes. Although base rates below 20% or above 80% can result
in distorted effects (Lipsey & Wilson, 2001), this does not appear to be a serious problem in
relation to general and violent recidivism because the vast majority of base rates reported in the
present study are within this range, although a few studies did not report these statistics. Despite
the longer average follow-up periods reported, the base rates of sexual recidivism were very low
for all four studies that examined this outcome (ranging from 8 to 15%), which significantly

2 In three cases, effect sizes were available for violent and nonviolent recidivism, but not for general recidivism
specifically. In these instances, we computed the mean effect size for these two categories to serve as a proxy for
general recidivism. Dropping these three studies from the general recidivism analyses (k = 18) had virtually no
impact on the mean effect size or the heterogeneity statistics that are reported in Table 2.
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attenuates the magnitude that a point biserial correlation can achieve. Given these concerns, we
performed the meta-analysis for sexual recidivism (described later) using both point biserial
correlations and standardized mean difference effect sizes, which are in some regards a more
appropriate metric for low base rate criterion measures because the two groups are contrasted
by their respective mean scores (Lipsey & Wilson, 2001, pp. 48, 49, 62).

Meta-analytic results

Our initial meta-analytic results indicated that the mean weighted effect sizes (rw) for the
PCL Total score for general, violent, and sexual recidivism were .26 (p < .001), .23 (p < .001),
and .07 (p = ns), respectively. The Q statistics, however, were very large both for general
(44.77) and violent (44.01) recidivism. Similar to results from the adult literature (Guy
et al., 2005; Walters et al., 2003b) and the juvenile institutional adjustment literature (Edens
& Campbell, 2006), this indicates that there was significant variability among the effects. This
interpretation is supported by the very large values obtained for I2 (general = .55; violent = .68),
which indicate that heterogeneity explained a considerable amount of variance in most of these
effect sizes. Higgins and Thompson (2002) tentatively suggested that I2 values ≥.3 should
be considered indicative of “moderate” heterogeneity and those ≥.5 should be considered
“severe.”

Given this variability, we examined the distribution of effect sizes to determine whether there
might be significant outliers in the data set. For general recidivism, the effect size for the total
score reported by Ridenour et al. (2001) was more than three standard deviations above the
weighted mean effect size of the entire sample. This is not entirely surprising, as Ridenour
et al. (2001) were the only researchers to combine juveniles involved in the justice system with
community controls (13 emotionally handicapped and 39 students participating in social studies
classes), an extreme groups design that may have artificially inflated variability in PCL scores
and increased the likelihood of obtaining an exaggerated effect size relative to the other studies.
Removal of this one study resulted in a substantial decrease in I2 (from .55 to .45) for the total
score, although considerable heterogeneity was still evident.

For violent recidivism, the total score effect size for Campbell (2003) was more than two
standard deviations below the weighted mean effect size for the entire sample. Of note, the
base rate of violent recidivism for this sample was the lowest of all studies as well. Removal of
this effect size resulted in a very large decrease in I2 (from .68 to .32), although heterogeneity
continued to be in the moderate range. Given these results, each outlying effect size was removed
from the subsequent analyses reported below for general and violent recidivism.3

Table 2 reports the mean weighted effect sizes (rw) and 95% confidence intervals (CIs) for the
PCL Total score for the three outcome categories. As can be seen, after removing the outliers the
effect sizes for general and violent recidivism were relatively similar (.24 and .25, respectively),
with both being significantly greater than chance. The analysis for sexual recidivism, noted above,
fell just short of significance (p = .07), with an overall magnitude that would be considered small.
When analyses for sexual recidivism were run using the standardized mean difference values,
it resulted in a mean weighted effect size (ESsm) of .21 (95% CI = .02 to .40) that also would
be considered relatively modest, although it was statistically significant (p = .03). Table 2 also

3 We should note that there is debate in the field regarding how best to address outlier effect sizes in meta-analyses,
with some commentators expressing concern over the exclusion of such studies (see Lipsey & Wilson, 2001, pp.
107–108 for a discussion of this issue). Given some of the methodological concerns noted above regarding both
the Ridenour et al. (2001) and Campbell (2003) studies, however, we believed it was appropriate to remove these
effect sizes from the subsequent analyses.
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reports the mean weighted effect sizes (rw) and 95% CIs for the three criterion measures in
relation to the two factors that historically have been associated with the PCL measures. It is
notable that Factor 2 was a somewhat stronger correlate of general recidivism than was Factor 1,
although the 95% CIs overlapped slightly. Results for violent recidivism were less disparate,
however.

Notwithstanding the significant effects for general and violent recidivism in relation to psy-
chopathy total and factor scores, the I2 statistics reported in Table 2 continued to suggest moderate
to severe heterogeneity. This indicates that there continued to be significant variability among
the effects even after the removal of outliers and that an examination of potential moderator
variables was warranted. Noted earlier, four categories of moderator variables (i.e., indicators
of methodological rigor, publication status, gender, ethnicity/nationality) were hypothesized as
possible causes of heterogeneity. We examine each of these factors in the following section,
using the SPSS “metaF” and “metareg” macros described earlier to analyze their impact on
effect sizes.

Moderator analyses

Methodological quality

Because of concerns regarding the potential impact of methodologically weaker studies
on the results of meta-analyses (Lipsey & Wilson, 2001), as an initial step in iden-
tifying possible sources of heterogeneity we first examined whether a number of po-
tentially important study design characteristics might explain a significant amount of
variability in the effect sizes. The specific study design characteristics examined were
(a) whether the PCL measures were scored using an interview in addition to file
data, (b) whether internal consistency statistics were reported for the PCL measures,
(c) the degree of variability evidenced on the predictor measures (operationalized by the to-
tal score standard deviation reported for each sample) and criterion measures (operationalized
by the degree to which studies deviated from the optimal recidivism base rate of 50%), and

Table 2 Weighted mean effect sizes of psychopathy checklist scores as predictors of recidivism

Recidivism type k n rw 95% CIw Q I2

Total score
General 20 2,787 .24 .19–.30∗∗∗ 34.82∗ .45
Violent 14 2,067 .25 .20–.31∗∗∗ 19.08 .32
Sexual 4 654 .07 − .01–.15 1.59 .00

Factor 1
General 15 2,157 .18 .13–.23∗∗∗ 19.84 .29
Violent 12 1,776 .19 .13–.26∗∗∗ 20.47∗ .46
Sexual 3 437 .03 − .17–.22 8.39∗ .76

Factor 2
General 15 2,157 .29 .22–.36∗∗∗ 34.14∗∗ .59
Violent 12 1,776 .26 .20–.33∗∗∗ 21.49∗ .49
Sexual 3 437 .08 − .02–.17 .32 .00

Note. Analyses for general and violent recidivism were conducted after removing one outlier from each sample
of studies.
∗p < .05; ∗∗p < .01; ∗∗∗p < .001.
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(d) the length of the follow-up period. Each of these factors conceivably could explain why the
effect sizes were so variable across studies.4

Despite concerns regarding the potential impact of methodological rigor, no statistically
significant results were obtained from these analyses. Somewhat counter-intuitively, results
indicated that there were modest trends for effect sizes to be stronger in studies that did not
include an interview in the scoring of the PCL measures. There was also a nonsignificant trend
for effect sizes to be associated with the degree of variability on the PCL measures. There was
no relationship between effect sizes and the base rate of general or violent recidivism, although
there were trends for the length of the follow-up period to be associated with violent (but not
general) recidivism effect sizes. (Further detail regarding these analyses is available from the
first author upon request.)

Publication status

Noted earlier, file drawer effects are a common source of concern in relation to the interpretation
of meta-analytic findings (Rosenthal & DiMatteo, 2001), and previous narrative (Edens et al.,
2001, 2003) and some quantitative reviews (Edens & Compbell, 2005) have noted appreciably
weaker effects in unpublished studies in the juvenile psychopathy literature. As such, to examine
whether the variability in both the general and violent recidivism effect sizes could be explained
by publication status, a meta-analytic analog to an analysis of variance was performed. This
analysis failed to offer any support for a file drawer effect for the total score, however, with QB

being small and nonsignificant for both general (1.30) and violent recidivism (.13). Similarly
trivial and nonsignificant results were obtained for the factor scores as well.

Although we were as exhaustive as possible in our pursuit of unpublished research to include
in this study, the file drawer effect is always a source of concern in relation to the identification of
studies for inclusion in meta-analyses. To examine publication issues more broadly, we computed
fail-safe Ns using a formula described by Orwin (1983). A fail-safe N reflects the number of
unpublished studies with an average effect size of .00 that would need to be located to reduce the
obtained mean effect size to some predefined lower value. We computed the fail-safe N needed
to reduce the significant weighted correlations reported in Table 2 to a value of .10, which is
typically is considered the lower boundary of a “small” effect (Cohen, 1988). The fail-safe Ns
for the total score mean effects were 28 and 21 for general and violent recidivism, respectively.
Also, the fail-safe Ns for Factor 2 mean effects were 29 and 19 for general and violent recidivism
respectively, whereas they were 12 and 11 for Factor 1.

Gender differences

Next, to examine whether heterogeneity could be explained by hypothesized gender differences
in the predictive validity of the PCL measures, we performed a meta-analytic analog to an
analysis of variance for the male and female samples. For general recidivism, mean effect
sizes for the six female samples (combined n = 288) were relatively comparable to the male

4 For example, scoring the PCL measures without interviewing the juveniles might result in less valid scores
that attenuate predictive validity (see Hare, 2003; for a discussion of concerns regarding file-only PCL scoring).
Similarly, coefficient alpha might be lower among studies that neglected to report this information. Because the
magnitude of validity coefficients is constrained by the reliability of a scale, this also might result in weaker effect
sizes in these studies. Finally, severe range restriction on the PCL scores in a sample also has the potential to
attenuate the magnitude of the obtained effect size, as can extreme deviations from an optimal recidivism base
rate of 50%.
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Table 3 Weighted mean effect sizes of PCL total scores as predictors of recidivism by gender

Gender k n rw 95% CIw Q I2

General recidivism
Male 19 2,482 .25 .20–.30∗∗∗ 30.51∗ .41
Female 5a 207 .13 − .02–.29 .41 .00

Violent recidivism
Male 14 1,870 .26 .20–.31∗∗∗ 20.24 .36
Female 5 228 .10 − .05–.24 2.62 .00

Note. PCL Total = Total scores from the Psychopathy Checklist measures.
aThis analysis was conducted after removing one outlier study (Rowe, 2002).
∗p < .05; ∗∗p < .01; ∗∗∗p < .001.

samples (.24 vs. .26), with QB being nonsignificant (.01). The results for the female samples
were themselves exceedingly heterogeneous (I2 = .57), however, primarily due to the inclusion
of one outlier study (Rowe, 2002) that reported an exceptionally large r of .58. In contrast, the
remaining five studies reported correlations ranging only between .07 and .20. After eliminating
the outlier effect for female offenders, the resultant weighted mean effect size was much lower,
and showed no evidence of heterogeneity (summary statistics are reported in Table 3). As can
be seen by the values reported for Q and I2 in Table 3, there continued to be a moderate degree
of heterogeneity among the effects for male juveniles, however.

For violent recidivism, the moderator analysis for gender was significant, QB = 4.37, p < .05.
The effect size for female offenders5 was not statistically significant, was quite homogeneous,
and was appreciably lower than that of the male samples (see Table 3). Because the base rates
of violent reoffending for female adolescents were relatively low overall (range = .14 to .27),
we re-analyzed the data using standardized mean difference effect sizes. This also resulted in
a nonsignificant weighted effect (ESsm = .29), although the results were quite heterogeneous
(I2 = .79). In contrast, the weighted effect size for the male samples summarized in Table 3 was
much larger, but also displayed moderate heterogeneity.

Ethnicity/nationality

We also hypothesized that country of origin might play a moderating role, given findings in the
adult literature that effects in US studies are weaker than in Canadian and European samples
when the criterion is institutional aggression (Guy et al., 2005). As such, moderator analyses
were again conducted using MetaF (Lipsey & Wilson, 2001) to compare the magnitude of the
effects for U.S. versus the remaining studies. These failed to offer any support for a nationality
effect for the total score, however, with the QB values being small and nonsignificant for both
general (.22) and violent recidivism (.00). In fact, the mean effect sizes were almost identical
across countries. Virtually identical effects were noted for the factor scores as well.

Noted earlier, some studies have suggested that there may be important ethnic group dif-
ferences in the predictive validity of psychopathy (e.g., Guy et al., 2005; Hicks et al., 2000).
Therefore, to examine whether the heterogeneity of the observed effects could be attributed
to ethnicity we conduct a modified weighted least squares regression, with the percentage of

5 When the samples were split by gender, it was clear that the outlying low effect (Campbell, 2003) resulted from
the male participants in this sample, where the effect size was three standard deviations below the weighted mean
and the base rate of violent reoffending was only .08. The effect size for the female sample was quite similar to the
other female samples, however, so we retained this small sample (n = 34) in the moderator analyses for gender.
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Table 4 Weighted mean effect sizes for psychopathy and the YLS/CMI as predictors of recidivism

Measure k n rw 95% CIw Q I2

General recidivism
PCL Total 5 799 .27 .12–.42∗∗∗ 14.63∗∗ .73
YLS/CMI 5 799 .25 .10–.39∗∗∗ 14.06∗∗ .72

Violent recidivism
PCL Total 4 727 .24 .14–.35∗∗∗ 5.07 .41
YLS/CMI 4 727 .21 .12–.31∗∗∗ 4.20 .29

Note. YLS/CMI = Youth Level of Service/Case Management Inventory (Hoge & Andrews, 2002). PCL To-
tal = Total scores from the Psychopathy Checklist measures.
∗p < .05; ∗∗p < .01; ∗∗∗p < .001.

white participants in each sample used as the predictor variable. For general recidivism, the
percentage of white participants in each sample did not explain a significant amount of variance
in the effect sizes for the total (QR = .69, p = ns, R2 = .04, β = .20), Factor 1 (QR = .04, p = ns,
R2 = .00, β = .06), or Factor 2 (QR = .55, p = ns, R2 = .05, β = .21) scores (k = 18, 13, and 13,
respectively).

For violent recidivism, however, ethnicity moderated effect sizes to a significant degree for
Factor 2 (QR = 5.57, p < .05, R2 = .40, β = .63, k = 10) and approached statistical significance for
the total score (QR = 2.87, p = .09, R2 = .22, β = .47, k = 12). That is, the higher the proportion of
non-White juveniles, the weaker the relationship between violent recidivism and psychopathy.
Results for Factor 1 were not statistically significant (QR = 1.41, p = ns, R2 = .15, β = .39,
k = 10), although the amount of variance explained was relatively large. All of these analyses
should be interpreted cautiously, given the relatively small number of studies.6

Comparisons with the YLS/CMI

Our literature search identified five studies (Catchpole & Gretton, 2003; Jack, 2000; Marczyk
et al., 2003; McKinnon, 2004; Rowe; 20027) that compared psychopathy to the YLS/SCM
(Hoge & Andrews, 2002). Each study examined general recidivism (combined n = 799) and all
except Marczyk et al. (2003) also reported analyses on violent recidivism (combined n = 727).
Table 4 summarizes the results of these comparisons. As can be seen, both instruments performed
similarly, although there was considerable heterogeneity among the general recidivism effects.
This variability was primarily explained by the much lower correlations reported in the Marczyk

6 Even though methodological factors did not explain a significant amount of heterogeneity in the effect sizes, we
were curious as to whether several of the nonsignificant trends noted for some of these factors might account for
much of the same heterogeneity in violent recidivism that was explained by the ethnicity variable. We therefore
conducted exploratory regression analyses to examine whether ethnicity would continue to explain a significant
amount of heterogeneity after controlling for these factors. Only one analysis suggested that the moderating role
of ethnicity was substantially reduced after controlling for a methodological variable. Noted earlier, there was a
non-significant trend for greater variability on the PCL total score (i.e., larger SDs) to moderate effect sizes for
violent recidivism (QR = 2.66, p = .10). When the regression analysis was re-run including the ethnicity variable
along with the SD. variable (k = 11), the overall model was significant (QR = 6.50, p < .05) and R2 increased
substantially to .46. Neither the beta for the SD variable nor the ethnicity variable was significant individually,
however. Further detail regarding these analyses is available from the first author.
7 This is the same data set that is reported in Schmidt et al. (2005), except that the sample is slightly smaller
(n = 102). Schmidt et al. did not include analyses related to the YLS/CMI but these results were included in the
original McKinnon thesis.
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et al. (2003) study for both instruments.8 Unfortunately, it was not possible to code for whether
either measure demonstrated any incremental validity (see, generally, Hunsley, 2003) over the
other in the prediction of recidivism, as analyses that would allow us to address systematically
this question were not reported in the original studies. It seems unlikely that the measures were
accounting for much if any unique variance in these outcomes, however, because they were
highly intercorrelated (rw = .77) in the three studies (combined n = 625) that reported their
association with each other.

Discussion

The real-world implications of being labeled “psychopathic” are considerable and they appear
to be growing in our society. Those identified as psychopaths increasingly may be subjected to
serious depravations of liberty (Edens & Petrila, 2006; Zinger & Forth, 1998) and denied treat-
ment services (D’Silva, Duggan, & McCarthy, 2004), at least in part because of expectations
that such individuals are more dangerous and intransigent than the typical offender. As such,
the results of the current analysis are informative, both in terms of what we currently do and
do not know about the relationship between psychopathy and future criminality among youths
involved in the justice system. On the one hand, much like the adult literature (Gendreau, et al.,
2002; Hemphill et al., 1998; Walters, 2003a,b) the aggregate results suggest that the relationship
between psychopathy and both general and violent recidivism among male adolescents is statis-
tically significant and of a magnitude that borders on what Cohen (1988, p. 82) conventionally
would define as a “medium” effect.9 On the other hand, the moderate to severe heterogeneity
observed among the obtained effects indicates a lack of consistent results across studies and
compels an analysis of possible moderators that might account for this variability. Practically
speaking, such heterogeneity also raises concerns about whether and how to interpret these
“aggregate” effect sizes in relation to specific contexts and populations, as well as in relation
to individual cases (Douglas, Vincent, & Edens, 2006; Edens, 2006) Moreover, the magnitude
of these effects, despite being significant, indicates the vast majority of variability in recidivism
remains to be explained by factors other than psychopathy.

Analysis of potential moderators indicated that the heterogeneity among the effects could
be attributed to some extent to the gender and ethnic composition of the samples, with appre-
ciably weaker effects being noted for female juveniles and samples with higher percentages of
non-Caucasian participants. Results for female adolescent offenders in particular were rather
discouraging, although they should be considered preliminary due to the small number of stud-
ies. Only one study (Rowe, 2002) produced a large effect size, and only for general recidivism.
The remaining results raise questions about the relevance of psychopathy in relation to decision-
making for female adolescents, at least in relation to risk assessment issues. Although it is
possible that future studies will provide greater support for the utility of psychopathy in this
regard, at present it would be difficult to defend ethically the use of the PCL:YV with female
adolescents for risk assessment purposes. As indicated in principle 9.02 of the Ethical Princi-
ples of Psychologists and Code of Conduct, psychologists use assessment instruments “whose
validity and reliability have been established for use with members of the population tested”
(American Psychological Association, 2002, p. 1071). Examiners would be better served by

8 Although we were unable to code an exact effect size, Marczyk (2002) noted that neither psychopathy nor the
YLS/CMI was significantly correlated with violent offenses.
9 The conventional values suggested for point biserial correlations such as those that predominate this study are
.10 (small), .24 (medium), and .37 (large).
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incorporating other known risk factors with a stronger empirical relationship with recidivism
(cf. Nicholls & Petrila, 2005).

It is interesting that the effects for adult women have been somewhat stronger regarding
criminal behavior (e.g., Nicholls, Ogloff, & Douglas, 2004), although there is not a large corpus
of research that has addressed this issue to date. If ultimately reflective of a genuine and
substantial difference in predictive validity across adolescent and adult females, it would raise
numerous pragmatic and theoretical questions regarding the measurement of psychopathic traits
in female juvenile offenders. For example, it might be that the putative developmental instability
of such traits (Edens et al., 2001; Seagrave & Grisso, 2002) makes it more difficult to identify
during adolescence those female offenders who are more likely to continue to engage in serious
criminal conduct. The measurement of an ostensibly more stable personality disposition among
adult women, however, may make it easier to identify those women who are relatively more
likely to commit future crimes.

In the case of ethnicity, it is possible that the moderating effect noted here for violent
recidivism is a spurious finding related to the variability of the psychopathy scores across
samples (i.e., more ethnically diverse samples had less variability in their PCL scores). Although
these moderator analyses must be viewed as preliminary due to the small number of studies and
the relatively simplistic means by which ethnicity was operationalized, the amount of variability
explained among the effect sizes was rather large (R2 ranging from .15 to .40 for the total and
factor scores). These results also suggest that examiners should be exceedingly leery of making
generalizations about the relationship between psychopathy and criminality among minority
youth until more sophisticated research designs can be employed to better ascertain the nature
of this relationship. If there is a clear “slope bias” (i.e., weaker validity coefficients among
non-Caucasian juvenile samples) then our field will have to reconsider the appropriateness of
using psychopathy to inform legal decision-making for ethnic minorities, in that many if not
most uses of this construct in the legal arena seem to revolve around its predictive validity
(DeMatteo & Edens, 2005; Edens & Petrila, 2006).

The ethnicity effect reported here is interesting to contrast with what is known about group
mean differences in psychopathy across ethnic groups. Although research in this area is in a
nascent state, existing studies generally have failed to find meaningful group differences in PCL
scores, at least among Black and White adult and adolescent offender samples (for meta-analytic
overviews of this literature, see McCoy & Edens, in press; Skeem, Edens, Camp, & Colwell,
2004). The studies included in the present meta-analysis included a much wider array of ethnic
groups, however, which may explain these differing results. As well, the absence of a significant
“intercept bias” on psychopathy measures in no way precludes the possible existence of a slope
bias in relation to predictive validity (Skeem et al., 2004).

Aside from gender and ethnicity, analyses examining other potential moderator variables
generally failed to explain a statistically significant degree of heterogeneity in the effect sizes for
general and violent recidivism. All of the moderator analyses need to be viewed with caution,
however, given the small k and generally underpowered nature of the findings. For example,
although we failed to note significant effects for the use or absence of interviews in the scoring
of the PCL measures, the analysis was based on a very small sample of studies that included
interviews. Item response theory (IRT) analyses have suggested that there may be some minor
item-level differences between scores based on file-only data versus those that also included
interview data (Hare, 2003). Such results in principle might lead one to expect that file-only
PCL ratings would be less valid, although we found no evidence to support that assertion here,
at least in relation to predictive validity.

Although based on a small number of studies, our results related to sexual recidivism are
informative in relation to clinical and legal decision-making. It is worth noting that one additional
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sample with youthful offenders (Langstrom & Grann, 2000) reported a weak and nonsignificant
relationship between this outcome and psychopathy, although we were unable to code the exact
effect size from this study for the present meta-analysis.10 To the extent that sexual re-offending
among juveniles is a low base rate event, it appears that psychopathy is not likely to be a practi-
cally useful indicator of the likelihood of such behavior occurring in the future (along with most
other predictor variables, it would seem). The results of our analyses using standardized mean
differences rather than point biserial correlations, however, suggest that psychopathy might have
some modest utility in samples where the base rate of this type of recidivism is closer to 50%,
such as adolescent offenders who are repetitively sexually aggressive. The utility of psychopathy
in comparison to other risk factors for sexual reoffending is unclear, although some studies have
suggested other variables that may be more relevant to forecasting this particular type of crime
(Langstrom & Grann, 2000; Parks, 2004). Along these lines it is noteworthy that in the adult
literature there is some consistent evidence supporting the utility of the interaction between psy-
chopathy and indicators of deviant sexual arousal in the prediction of sexual recidivism (for an
overview, see Hare, 2003). In relation to juveniles, however, the lone study that has examined this
issue (Gretton, McBride, Hare, O’Shaughnessy, & Kumka, 2001) failed to replicate these results.
The interaction of these two variables did significantly predict violent recidivism more generally,
however.

Although limited somewhat by missing data, our findings suggest that Factor 2 may be
somewhat more relevant than Factor 1 to the prediction of general recidivism for juveniles. This
interpretation is qualified by the slight overlap between the 95% CIs for these variables, however,
as well as the moderate to high degree of heterogeneity identified in these analyses. Nevertheless,
the magnitude of the difference (rw .18 vs .29) in relation to general recidivism is fairly consistent
with other meta-analytic findings (e.g., Gendreau et al., 2002; Hemphill et al., 1998; Guy, Edens,
Anthony, & Douglas, 2005; Walters, 2003) and, interestingly, was evident despite the reliance on
file-only scoring of PCL items in most studies. IRT analyses have suggested that the distinction
between Factor 1 and 2 items may be more likely to blur in the absence of interview information
(see Hare, 2003, p. 75, for a more complete discussion).

An ongoing point of debate regarding the factor scores is the extent to which—given their
moderate intercorrelation—Factor 1 can explain any unique variance in recidivism once the
variance attributable to Factor 2 is statistically controlled. Because of the intrinsic limitations
of meta-analytic techniques, there was no way to partial out the effects of each factor on the
other in order to address this question directly here. At least some prior research has, however,
suggested that Factor 1 accounts for little variance in violent behavior once Factor 2 is statistically
controlled (Skeem & Mulvey, 2001).

In terms of the relative utility of the PCL measures, the results of the direct comparison of
psychopathy to the YLS/CMI reflect something of a double-edged sword. On the one hand,
the fact that a lone personality construct can perform similarly to a more comprehensive risk
assessment measure is remarkable, and not without precedent in the adult literature (e.g., Edens,
Skeem, & Douglas, in press; Hemphill et al., 1998). Moreover, the effect sizes reported here
for general recidivism are actually quite a bit higher for the PCL measures than the aggregate
effect sizes reported by Cottle, Lee, and Heilbrun (2001) for other actuarial risk scales used with
adolescent offenders. That said, however, the comparability of the YLS/CMI and the PCL in
this study also raises questions about the need to use a construct or instrument with the potential
to be highly prejudicial with adolescents (Edens et al., 2003; cf. Murrie et al., 2005) when other,

10 This was a subset of sex offenders who were included in the subsequent Langstrom and Grann (2002) paper,
the results of which we were able to code for our general and violent recidivism analyses.
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ostensibly less stigmatizing risk factors may work as well. What is needed in this regard is
research examining the incremental validity (Hunsley, 2003) of psychopathy in relation to more
elaborate risk factors to determine whether any unique variance is explained by this construct
once the predictive utility of other measures is statistically controlled (Douglas et al., 2006). If
psychopathy truly can “give us something more” than instruments such as the YLS/CMI then its
use would be more defensible with white male adolescent offenders. Absent such data, however,
one could argue that it is difficult to justify its introduction into juvenile risk assessment contexts
at this time. We should note that this would not preclude its applied use for other purposes (e.g.,
treatment matching) if there were stronger empirical justification for such applications.

Aside from direct comparisons with other risk assessment instruments, it is also worth noting
that further research is needed on the extent to which the PCL measures can improve on other
variables that have a demonstrated relationship with recidivism among youths. For example,
Cottle et al. (2001) identified a number of background and criminal history variables (e.g., age
at first commitment, age at first contact with the law, family problems, conduct problems) with
effect sizes that were comparable to or greater than those obtained here for the PCL measures
and general recidivism (analyses for violent recidivism were not reported in their meta-analysis).
Many of these factors are themselves significantly correlated with PCL scores (see Forth et al.,
2003, Chapter 7)—as would be expected, given that they are historical variables that go into the
scoring of some of the items comprising the scale. We are aware of very little research that has
examined whether juvenile psychopathy measures can predict recidivism beyond these historical
factors, which again raises concerns as to the incremental validity of the PCL measures in this
regard. We should note, however, one large-scale study of adult psychiatric patients (Skeem &
Mulvey, 2001) has suggested that Factor 2 continues to correlate with community violence even
after controlling for a host of other risk factors.

Finally, limitations of this research should be noted, which hopefully can inform further
research in this area. First, there was not a large number of studies available to include in
the present meta-analysis, particularly in relation to samples of adolescent female offenders
and effect sizes for sexual recidivism. Second, we did not examine the more recent three and
four factor models of psychopathy that have come to the fore in recent years. More recent
studies are beginning to include these factors in recidivism analyses and future meta-analyses
hopefully will be able to address the relative contribution of these different models. A third
possible limitation is that we made no attempt to control for measurement error in this study.
This was because we were interested primarily in the performance of these instruments in
error-filled “real-world” settings (i.e., “warts and all,” Lipsey & Wilson, 2001, p. 109) rather
than the abstract relationship between hypothetical constructs. Although measurement error may
result in effects that underestimate the “true” (i.e., error free) relationship between psychopathy
and recidivism, in practice one can never eliminate measurement error in applied settings.
Therefore, we would argue that clinicians using assessments of psychopathy should not base
their opinions and risk statements about individual examinees on effects that attempt to control
for measurement error, because such error is part and parcel of any clinical evaluation. A
final limitation worth noting is that official criminal recidivism statistics such as those used in
this study can be criticized because they almost certainly do not represent a complete index of
criminal behavior. In some regards these indicators probably underestimate such conduct because
of undetected crimes, whereas they may also overestimate such behavior in cases of wrongful
arrests/convictions.

Despite these caveats, we believe the present findings are informative on several fronts. In the
relatively small number of studies currently available for analysis, psychopathy was significantly
associated with both general and violent recidivism among male youths. These general conclu-
sions are substantially tempered, however, by the moderate to severe degree of heterogeneity
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noted among the effect sizes, the very modest effects for female offenders and for sexual re-
offending, and the possibility that psychopathy may be less predictive among ethnically diverse
samples of juvenile offenders, at least in relation to violent recidivism. It is our hope that this
quantitative summary of the available literature will spur further research into these important
topics.
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